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Possibility of stylish translation using artificial intelligence:

the case of novel translation from Japanese to Chinese

Tsai, Pei-Ching & Wei, Shih-Chieh
Associate Professors, Department of Japanese &

Information Management, Tamkang University

Abstract

The purpose of this study is to test whether modern artificial
intelligence (Al) technologies can learn the unique style of a translator.
That is, by training with the source text and its target translation from a
single translator, can the system learn to translate like the specific
translator? As the dataset, a Japanese novel is used, along with its
Chinese translation by one of the authors. Two stages of experiments are
conducted. First, a model from the PyTorch Chatbot package is trained on
the Japanese-Chinese parallel dataset and tested for translation. During
the data preparation, a lot of preprocessing is made to accommodate the
difference in sentence structures between Japanese and Chinese. Due to
the accommodation and lack of a sufficient dataset, expected results are
not obtained but characteristics of neural machine translation (NMT) are
learned. It is confirmed that stylish translation is possible by NMT.
Second, the models from the PyTorch Chatbot and the Tensor2Tensor
packages are trained on a more abundant parallel dataset and evaluated
with the BLEU metric. The result shows that Tensor2Tensor performs
better. For Tensor2Tensor on some short text tests, a BLEU value of 1 is
even obtained which means the exact reproduction of the desired target
translation. This study has two conclusions. It is confirmed that the Al
technology in use has the potential to imitate a single translator with
translations similar in style. It is also confirmed that Tensor2Tensor is
more suitable than PyTorch Chatbot in performance for this study.

Keywords : Artificial Intelligence, Neural Network, Neural Machine Translation,

Deep Learning
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